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On the sequence of Smarandache prime addictive complement
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Abstract: The divergent property of the mean value %2 SPAC (@) of the famous Smarandache prime ad-
a=1

dictive complement function SPAC (n) was studied. Using the elementary and the analytic methods, a

sharper lower bound estimate for the mean value %2 SPAC(a) was given.It is proved that the mean

a=1

value LE SPAC(a) is divergent. This solved a conjecture proposed by Kenichiro Kashihara.
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Application of partial least-squares regression

in valuing American -Asian option
WANG Xu, WANG La-sheng

(School of Science, Xi an Polytechnic University, Xi an 710048, China)

Abstract: An American-Asian is valued option based on the partial least-squares regression.In the inter-
im, the price samples of underlying asset in the option are obtained by using Monte Carlo simulation,
whose price process obeys Geometric Brownian Motion. Compared with the stochastic approximation
method based on the perturbation analysis estimators and the simple least-squares approach, this method
has better stability and higher convergence speed, besides on the premise of ensuring accuracy .
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